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I Abstract |

The COVID-19 made interest rates low. In the meantime, many people have invested to increase
their assets. To ensure stable retirement and financial wealth, a significant number of individuals
have invested in real estates and financial assets. This study analyzed the predictive contribution
of real estate investment using data from the Survey of Household Finances and Living Conditions
from 2019 to 2022. This study used the XGBoost algorithm, one of the machine learning techniques,
to analyze the data and the results showed the following factors in influential orders: age of a
householder, type of residence, expenditure, financial assets, number of household members,
gross income, real assets, living in the metropolitan area, principal and interest repayment, net
assets, mortgage loans, credit loans, repayment ratio of income, graduation from college or higher
academic institutions, gender of a householder and income decile groups. In particular, this study
demonstrated that investment in real estate assets has a negative impact on stable life after a
householder retired. This study only considered the characteristics of households due to limitation
of data, but additional researchres should be conducted in the future by applying macroeconomic
and investment-related variables such as applicable interest rates for each household.

Keywords: Real estate investment, Real estate and financial assets, XGBoost, Survey of the status
of household finance and welfare
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